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Abstract 
One of the most prominent moder technologies that has increasingly played an important role in higher 
education is Artificial Intelligence (AI). The usage of AI tools such ChatGPT, Quillbot, and other AI rising 
noticeably among undergraduate students around the world to complete academic tasks, raising essential 
questions about their impact on academic performance. This study aims analyze the role of demographic factors 
in shaping students’ awareness and understanding of AI, and the implications for their academic achievement. 
The sample of this study is the students at the Gaziantep university, the Faculty of Economics and Business 
Administration in Al Bab Campus.      
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1. Introduction 

One of the most transformative technological advancements in the 21st century is the development of Artificial 
Intelligence. The first presentation of AI happened during a Dartmouth College conference in 1956 which led to 
the current advanced systems. AI technology has evolved from expert systems that use rules to the present-day 
sophisticated machine learning models. Through AI tools it becomes possible to process languages while 
recognizing visual patterns and making future predictions. AI tools have achieved widespread usage in education 
as well as finance and healthcare systems and transportation applications (Russell & Norvig, 2021).  

The academic sector at universities has witnessed an increase in artificial intelligence implementation throughout 
the education field (Lohana & Roy, 2023). Higher education institutions choose to adopt AI technology because 
of the multiple advantages this technology brings to their educational operations (Kiburu et al., 2023). AI enables 
graduate students to access explanations for concepts while also performing assignment writing along with 
project work and dissertation or thesis creation as well as PowerPoint preparation and equation calculations 
(Drazich et al., 2023). Different AI platforms like ChatGPT and Quillbot face challenges that emerge during their 
use in higher education systems (Pillai et al., 2023). The impact of using AI platforms in academic activities at 
universities will vary among graduate students based on their demographic characteristics together with the 
benefits and challenges of these systems. 

AL functions as an educational tool which delivers instant feedback together with customized material to 
advance student learning alongside their critical thinking capacity and writing capabilities (Holmes et al., 2022). 
Research indicates that students who apply AI tools properly demonstrate enhanced assignment quality and 
better academic engagement according to multiple studies (Zawacki et al., 2019). Through natural language 
processing-based tools students receive assistance to rework confusing concepts while receiving grammar 
corrections and better argument structure which results in improved academic writing outcomes. 

However, the factors such as students’ digital literacy, their understanding of ethical boundaries, and their ability 
to critically evaluate AI generated contents mediate the outcomes of AI (Bano et al., 2023). AI affects students in 
two different ways. Some students may become more independent learners, while others may become overly 
dependent on AI, reducing their ability to think creatively and conduct independent research, especially when 
students directly submit AI answers without comprehension. (Cotton et al., 2023). 

The demographic background also has an impact on how students use AI tools. Factors such as age, gender, field 
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of study and academic level can influence how students perceive and use AI tools (Smutny & Schreiberova 
2020). Therefore, understanding the relationship between AI usage and academic performance requires a 
multidimensional approach which consider not only usage frequency but also the quality, purpose, and context of 
AI engagement. This study will examine the demographic characteristics and the factors that affect the usage 
artificial intelligence in higher education. 

 

2. Literature Review  

Aldreabi et al. (2025) determined what influences higher education students to adopt generative AI tools and 
how these tools affect their academic performance. The results of the showed that effort expectancy together 
with supplemental academic resources availability strongly influenced students' intention to use GenAI tools 
while hedonic motivation together with perceived accuracy showed insignificant effects. The authors propose 
that educational institutions must develop better usability features and comprehensive support systems to 
promote the successful adoption of GenAI tools in academic environments. 

Kamau (2025) investigated how generative artificial intelligence (GenAI) influences academic performance 
through smart learning environments by analyzing survey data from 456 students using partial least squares 
structural equation modelling (PLS-SEM). The analysis demonstrated GenAI produces positive impacts on smart 
learning environments (β = 0.523, p < 0.001) as well as academic performance (β = 0.387, p < 0.001). The 
mediation analysis showed a partial effect that did not reach statistical significance which indicates GenAI 
affects academic success through both direct and indirect pathways via improved learning environments, but the 
indirect route shows limited empirical support. 

Fan, Deng, and Liu (2025) investigated the educational effects of generative artificial intelligence on the learning 
and performance of 148 engineering students from China while examining its influence on efficiency, creativity, 
and academic results. The survey demonstrated that more than half of participants experienced enhanced 
efficiency together with increased initiative and creativity and better independent thinking abilities because of 
GenAI. The study found that half of the students did not experience any improvement in their academic grades 
while many expressed doubts about the precision of GenAI-generated content in technical areas. Studies show 
that GenAI technology leads to improved educational techniques, yet these benefits do not automatically produce 
superior academic performance, so students need to exercise carefully when using AI tools for specialized 
subject matter. 

Wecks et al., (2024) investigated the evolving role of generative artificial intelligence within higher education 
while recognizing its capacity to assist but potentially disrupt standard academic operations. AI applications 
transform educational methods through their adaptive learning capabilities which also simplify assessment 
procedures and create individualized feedback systems. The authors expressed concern about unregulated AI 
deployment because it establishes fresh ethical dilemmas while creating dependence risks and threatens 
academic integrity. Universities need to create effective regulatory systems together with AI education programs 
which teach faculty members and students about AI to reach proper implementation and long-term educational 
value. 

Diao et al. (2024) performed a meta-analysis of 27 studies which included 33,833 participants to discover 
essential elements that affect college students’ intention to use generative AI. The study found that performance 
expectancy (r = 0.389) along with positive attitudes toward GenAI (r = 0.576) served as the strongest predictors 
for usage intention. The research revealed that geographical location determined user effort expectancy and 
habitual use patterns, yet gender identity created differences in GenAI user attitudes. The research shows that 
students will adopt GenAI technology based on their beliefs about its value together with their overall attitude 
toward it so educational institutions need to develop culturally sensitive intervention methods which will 
establish equal access to GenAI technology for educational use. 

Azzam and Abdel-Jalil (2024) conducted a sociological study to examine students’ attitudes toward the use of 
artificial intelligence (AI) in education at Al-Azhar University. Utilizing a descriptive analytical methodology, 
the researchers surveyed a randomly selected sample of 301 male and female students from various scientific 
faculties using a structured 27-item instrument divided into three thematic dimensions. The findings revealed 
widespread student agreement on the educational value of AI, particularly its ability to support diverse learning 
styles and foster self-directed learning. The participants also demonstrated overall acceptance of AI integration 
into educational processes. However, electronic devices, insufficient training in AI applications, and limited peer 
collaboration were some of the several challenges that were identified. There were not statistically significant 
differences based on gender, academic field, or study level. This study highlights both the perceived benefits and 
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practical limitations that may affect student engagement with AI technologies in educational contexts. 

The study conducted by Atadika, Anim, and Segbenya (2024) examines how demographic characteristics affect 
major AI use antecedents which include platform patronization alongside usage and perceived benefits and 
encountered challenges in higher education graduate students. A positivist quantitative explanatory research 
approach was used to collect data from 294 graduate students through stratified random sampling before 
analyzing it with descriptive statistics, t tests and ANOVA. The research discovered important differences 
between genders regarding AI adoption as well as perceived benefits because males and females showed distinct 
patterns in their usage of ChatGPT and Quillbot along with their respective outcomes. The study identified 
differences in AI usage and benefits and challenges which varied according to students' academic programs and 
levels because education students showed higher AI usage and benefits, but more challenges compared to 
business students and first- and third-year students had stronger appreciation of AI than other students. The study 
demonstrates how demographic elements strongly influence AI participation in higher education while 
recommending university policymakers and HR managers develop AI-support strategies through gender-specific 
approaches and program-based training to address these differences. 

Tin et al. (2024) explored how different demographic characteristics influence university students' views about 
artificial intelligence (AI) while assessing their effects on academic achievement. Through an extensive multi-
institutional survey the researchers evaluated student responses which were divided according to age groups and 
gender identities and academic disciplines and socioeconomic backgrounds as well as academic years. The 
research demonstrated that demographic aspects strongly affected how students viewed AI and that the students 
with better economic backgrounds showing more positive attitudes and higher self-assessed AI tool capabilities. 
The research demonstrated that students with positive AI attitudes demonstrated better GPA results, yet this 
connection varied between different demographic segments. Research shows that the distribution of benefits 
from AI integration is uneven because of existing demographic gaps. The research points out that AI-based 
learning needs to consider student demographic differences for achieving equal academic results and proposes 
specific support for students who face disadvantages or resistance to AI technology. 

The study by Ward (2024) used mixed methods to analyze how AI tools affect student learning behaviors and 
academic results through their personal GPA assessments. The study results indicated that students who used AI 
tools reduced their study time while achieving better academic results according to their higher GPA scores. 
Students found success through AI-based personalized learning, but they expressed concerns about tool reliance 
and difficulties when using AI tools within traditional educational practices. The study finds that AI brings 
academic benefits, yet schools must establish correct integration methods for AI within their existing teaching 
systems to prevent students from becoming overly reliant on technology. 

Vieriu and Petrea (2023) combined quantitative frequency and percentage analysis with thematic qualitative 
evaluation through their mixed-method research to study artificial intelligence impacts on student academic 
development. The study discovered various important benefits which stem from using artificial intelligence in 
educational environments because it enables personalized learning approaches and boosts student engagement 
and improves academic performance. The investigation showed that AI technology created major threats which 
led to student dependence on AI tools and academic cheating and reduced their capacity to think critically. The 
research indicates that AI technology delivers substantial benefits for educational improvement yet creates moral 
dilemmas which demand institutional bodies to establish effective oversight systems. 

Khalaf (2023) did a descriptive field study to figure out the role of artificial intelligence (AI) applications in 
enhancing educational and pedagogical skills. Based on data collected from a convenience sample of 140 
university faculty members, the results indicated that while perceptions of AI's priority in education were 
moderate, a significant number of respondents believed that AI applications contribute more effectively to the 
development of teaching and learning skills than traditional methods. Participants pointed out AI's role in making 
educational experiences more interactive and engaging. However, the risks associated with cybersecurity threats 
and virus propagation in AI-driven systems were identified as notable concerns. The results indicated that there 
are not any statistically significant differences in perceptions of AI’s educational role based on age and years of 
experience. 

 

3. Research Methodology and Conceptual Framework 

3.1 The Sample of the Study 

The aim of this study is to examine the impact of demographic factors on knowledge and attitudes toward AI, as 
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well as the relationship between those factors and academic performance. The sample of the study comprises 171 
undergraduate students enrolled in 4 departments of the Faculty of Economics and Business Administration at 
The Al-Bab Campus. 

3.2 Sampling Method  

The study utilizes dual sampling methods including convenience sampling and simple random sampling. The 
research used convenience sampling, as students at this location were both available and relevant for the study’ 
purpose. The simple random sampling was applied to provide every student equal selection probability which 
decreased selection bias. 

3.3 Conceptual Framework 

The diagram shows the proposed mediation model which demonstrates how demographic characteristics 
influence academic performance. The framework operates on the belief that demographic variables create 
academic results through direct effects and indirect effects which stem from cognitive and attitudinal factors. 

Diagram 1: The Conceptual Framework 

 

3.4 Data Collection Method  

The questionnaire method was used as primary data collection tools to gather data on students’ perspectives 
regarding AI usage at Al-Bab Campus. The questionnaire included three sections. There first section includes 
five questions, four of them about demographics and one about the CGPA of the students to determine their 
academic performance. The second section included 12 questions to assess the knowledge of AI, and the third 
section included 8 questions to assess attitudes toward AI. All the questions in section two and section three were 
designed with a 5-point Likert scale. 

3.5 Hypothesis and Data Analysis 

The collected data were analysed using SPSS v.27 and Amos v.26 to perform demographic data analysis, 
followed by reliability analysis, correlation analysis, and linear regression. A research method investigates the 
relationship between the variables to determine their linear association strength. The path analysis technique 
within AMOS software serves to analyse the order of relationships between A, B, C and D variables. The 
complete analysis examines how B acts as a mediator between A and C and reveals both direct and indirect paths 
present in the model. The PROCESS macro combined with path analysis enables researchers to study complex 
variable relationships and reveal theoretical framework mechanisms.  

The hypotheses that were examined to investigate the direct and indirect effects using SPSS and AMOS 
statistical software were as follows: 

H1: A relationship existed between age and AI knowledge. 

H2: A relationship existed between program study and AI knowledge. 

H3: A relationship existed between gender and AI knowledge 

H4: A relationship existed between gender and Attitude towards AI. 

H5: A relationship existed between program study and attitude towards AI. 

H6: A relationship existed between age and attitude towards AI. 

H7: A relationship existed between AI knowledge and attitude towards AI. 

H8: A relationship existed between attitude towards AI and CGPA. 
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H9: AI knowledge has a significant mediating effect in the relationship between gender and attitude toward AI. 

H10: AI knowledge has a significant mediating effect in the relationship between program of study and attitude 
toward AI. 

H11: AI knowledge has a significant mediating effect in the relationship between age and attitude toward AI. 

H12: Attitude towards AI has a significant mediating effect in the relationship between gender and CGPA. 

H13: Attitude towards AI has a significant mediating effect in the relationship between program study and CGPA. 

H14: Attitude towards AI has a significant mediating effect in the relationship between age and CGPA. 

H15: Attitude towards AI has a significant mediating effect between between in the relationship between AI 
knowledge and CGPA. 

H16: Attitude towards AI and AI knowledge have a significant mediating effect in the relationship between 
Gender and Academic Performance. 

H17: Attitude towards AI and AI knowledge have a significant mediating effect in the relationship between 
program Study and Academic Performance 

H18: Attitude towards AI and AI knowledge have a significant mediating effect in the relationship between Age 
and Academic Performance 

 

4. Results and Discussion  

4.1 The Sample of the Study and demographic of participants 

A total of 171 undergraduates at Al-Bab Campus participated in the study, providing their demographic 
information. The questionnaire included 20 questions in total: 5 on demographics, 12 on AI knowledge, and 8 on 
attitudes toward AI. Table 1 summarize the information of the study’s sample. 

Table 1: Demographic Characteristics of Participants 

Characteristics No of respondent Percentage (%) 

Gender    

Male  120 70.2 

Female  51 29.8 

Age    

Less than 20 13 7.6 

21–25 82 48.0 

26–30 38 22.2 

More than 30 38 22.2 

Program Study    

Business Administration 43 25.1 

Economics 36 21.1 

International trade and logistics 39 22.8 

Political Science and Public Administration 53 31.0 

Year of Study    

First Year 40 23.4 

Second Year 67 39.2 

Third Year 20 11.7 

Fourth Year 44 25.7 
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4.2 Reliability Analysis 

Before employing linear regression and other analysis, Cronbach’s alpha reliability test was conducted to 
examine the test reliability results as shown in Table 2. The category-level results (AI Knowledge and Attitude 
toward AI) and the overall results were significant, confirming that the questionnaire achieved acceptable to 
good reliability, with coefficients between 0.760 and 0.888. 

Table 2: Reliability Scores of Questionnaire Items 

Questionnaire items section  Cronbach’s alpha  Number of items  

AI knowledge  0.882 12 

Attitude towards AI  0.721 8 

Overall  0.888 20 

 

4.3 Correlation Analysis 

The relationships between demographic factors (age, gender, and program of study), AI knowledge, attitudes 
toward AI, and CGPA were examined by correlation analysis as shown in Table 3. The results show that age has 
almost no relationship with AI knowledge (r = 0.014) and attitudes toward AI (r = –0.024). In the same way, 
gender has a very slight and non-significant negative relationship with both AI knowledge (r = –0.047) and 
attitudes toward AI (r = –0.012). The program of study also demonstrates a weak negative association with AI 
knowledge (r = –0.100) and attitudes toward AI (r = –0.121), but these relationships are not statistically 
significant. 

Table 3: Results of the Pearson Correlation Analysis 
 Al Knowledge Attitude towards AI CGPA 

Age 0.014 -0.024 0.200** 

Gender -0.047 -0.012 0.219** 

Program study  -0.100 -0.121  
AI Acknowledge 1 0.704**  

Attitude toward AI   1 0.039 

**. Correlation is significant at the 0.01 level (2-tailed). 
 

Additionally, the results reveal a strong and statistically significant positive relationship between AI knowledge 
and attitudes toward AI (r = 0.704, p < 0.01), indicating that students with higher levels of AI knowledge tend to 
have more positive attitudes toward AI. The relationship of CGPA with both AI knowledge (r = 0.039) and 
attitudes toward AI (r = 0.039) is very weak and non-significant, suggesting that neither students’ knowledge of 
AI nor their attitudes toward it are related to their academic performance. As a conclusion, while demographic 
variables do not significantly influence AI knowledge or attitudes, AI knowledge itself plays an important role in 
shaping students’ attitudes toward AI. Academic performance, on the other hand, appears unrelated to either AI 
knowledge or attitudes. 

4.4 Direct and Indirect Effect 

The direct and indirect effect results presented in Table 4 indicate that AI Knowledge does not significantly 
mediate the relationship between age and attitudes toward AI, as the indirect effect is 0.005 with a 95% 
confidence interval of [–0.521, 0.508]. Consequently, H11 is not supported and therefore rejected. Similarly, AI 
Knowledge doesn’t have a-significant mediator role between gender and attitudes toward AI, with an indirect 
effect of –0.404 and a 95% confidence interval of [–1.419, 0.618]. Likewise, the mediation of program of study 
on attitudes toward AI through AI Knowledge was also not significant, as the indirect effect is –0.345 and a 95% 
confidence interval of [–0.845, 0.083]. Accordingly, H12 and H13 are also rejected. 
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Table 4: Direct And Indirect Effects with Bootstrap 95% Confidence Interval for Mediation Analysis 

Predictor Mediator Dependent Variable Direct 
Effect 

Indirect Effect (95% CI) 

Age AI Knowledge Attitude toward AI -0.870 - 0.138 (-0,824, 0,516) 

Gender AI Knowledge Attitude toward AI -0.996 - 0.534 (-1.771, 0.706) 

Program Study AI Knowledge Attitude toward AI -0.815 0.346 (-0.219, 0.941) 

Age Attitude toward AI CGPA 0.102 0.001 (-0.012, 0.006) 

Gender Attitude toward AI CGPA 0.279 0.001 (-0.009, 0.022) 

Program Study Attitude toward AI CGPA 0.001 -0.001 (-0.011, 0.004) 

AI Knowledge Attitude toward AI CGPA 0.002 0.002 (0.008, 0.010) 

 

The results further show that the mediating effect of Attitudes toward AI between age and CGPA was non-
significant, with an indirect effect of –0.138 and a 95% confidence interval of [(-0,824, 0,516)]. Gender also did 
not significantly affect CGPA through Attitudes toward AI, showing an indirect effect of -0.534 and a 95% 
confidence interval of [–1.771, 0.706]. Similarly, program of study showed a non-significant negative indirect 
effect on CGPA via Attitudes toward AI (IE =1.771, 0.706, 95% CI [–0.219, 0.941]). Finally, AI Knowledge 
significantly influences CGPA through Attitudes toward AI, with an indirect effect of 0.002 and a 95% 
confidence interval of 0.008, 0.010]. 

4.5 The Results of Mediation Model 

Age, Gender, and Program of Study were included in the path analysis as shown in Table 5. The partial indirect 
effects were not statistically significant. Specifically, the mediation of age and CGPA through AI knowledge and 
attitude toward AI was not significant, hence, H18 is rejected. Similarly, the mediating effect of Attitude toward 
AI and AI Knowledge on the relationship between Gender and CGPA was not significant, leading to the rejection 
of H16. Finally, the mediating role of AI Knowledge and Attitude toward AI in the relationship between Program 
of Study and CGPA was also not significant. Thus, H17 is rejected. 

Table 5 : Coefficients of the Mediation Model 

 Estimate S.E. P BootLCCI  BootULCI  

Partial Indirect Effect       

AGE → AKW → ATA → CGPA  0.000 0.003 0.967 -0.006 0.006 

Gender → AKW → ATA → CGPA  -0.002 -0.006 0.386 -0.024 0.006 

PS →AKW → ATA → CGPA -0.001 0.004 0.405 -0.014 0.003 

Total Indirect Effect       

AGE → CGPA  -0.001 0.004 0.454 -0.016 0.004 

Gender → CGPA  -0.001 0.008 0.520 -0.026 0.010 

Program Study → CGPA  -0.002 0.006 0.420 -0.022 0.005 

AKW: AI knowledge, ATA: Attitude towards AI, PS: Program Study 

4.6 The results of the analysis and Hypothesis 

The findings from the hypothesis testing revealed that the proposed relationships were not statistically supported. 
Based on the results in table 4, age, gender, and program of study showed no meaningful effect on AI knowledge 
with correlation values of 0.232, -0.047 and -0.10, which led to the rejection of H1, H2, and H3 hypotheses. 
These results for age and program of study are noteworthy because they run counter to the findings of Williams 
et al. (2019), who identified age as an important predictor of AI knowledge, as well as the results of Dashti et al. 
(2024), Ahmed et al. (2022), and Truong et al. (2023), who reported that field of study is an important factor in 
AI knowledge. 

Additionally, neither gender nor program of study was significantly related to students’ attitudes toward AI, with 
correlation values of –0.012 and –0.121, respectively. These resulted in the rejection of the H4, H5, and H6 
hypotheses. The results do not align with several earlier studies findings that reported demographic influences on 
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AI perceptions (Johansson et al., 2024; Turchioe et al., 2023; Pinto dos Santos et al., 2019; Dashti et al., 2024; 
Truong et al., 2023). Similarly, age showed no significant association with attitudes (r = –0.024), which is 
inconsistent with the findings of Williams et al. (2019) study. 

The only strong and consistent result was the positive relationship between AI knowledge and attitudes toward 
AI  with correlation value of  0.704**  and therefore the H7 hypothesis was accepted. By contrast, no significant 
relationship was observed between attitudes toward AI and CGPA as the correlation value was 0.039, 
contradicting findings reported by Emon et al. (2023) and let to rejection of H8 hypothesis.  

When mediation effects were tested as shown in table 5, the overall picture remained unchanged. AI knowledge 
did not serve as a mediator between gender and attitudes toward AI, with values of an indirect effect of - 0.534 
and a 95% confidence interval ranging from -1.771 to 0.706. This result is inconsistent with Busch et al (2023) 
study that has found AI knowledge to be a significant mediator in this relationship. Similarly, AI knowledge did 
not mediate the relationship between programs of study and attitudes toward AI, with values of an indirect effect 
of 0.346 and a 95% confidence interval between -0.219 and 0.941, or between age and attitudes toward AI, with 
an indirect effect of - 0.138 and a 95% confidence interval between -0,824 and 0,516. Consequently, the H9, H10, 
and H11 hypotheses were rejected. 

Similarly, based on the results in table 5, attitudes toward AI did not mediate the relationships between gender 
and CGPA, with an indirect effect of 0.001 and a 95% confidence interval ranging from –0.009 to 0.022; 
program of study and CGPA, with an indirect effect of 0.001 and a confidence interval from –0.011 to 0.004; age 
and CGPA, with an indirect effect of 0.001 and a 95% confidence interval between –0.012 and 0.006. Therefore, 
H12, H13 and H14 were rejected. However, The Hypothesis H15 was accepted as attitude toward AI mediate the 
relationship between AI knowledge and CGPA with an indirect effect of 0.002 and a confidence interval from 
0.008 to 0.010.  

Based on the results in table 5 results and when AI knowledge and attitudes toward AI were examined together, 
no significant combined mediation effects were observed for gender and academic performance, with a 95% 
confidence interval ranging from -0.009, 0.022; program of study and academic performance, with a confidence 
interval between -0.011, 0.004; or age and academic performance, with a confidence interval between -0.012 and 
0.006. Accordingly, the H16, H17, and H18 hypotheses were rejected. 

 

5. Conclusion 

The research results deliver essential knowledge about how demographic elements connect with AI 
understanding and AI perspectives and academic achievement measured by CGPA. The research shows that the 
demographic elements have no direct link with AI knowledge and AI attitude which indicates researchers need to 
study these connections more thoroughly. 

The study delivers important findings, yet several limitations need to be recognized. The sample size meets the 
requirements for an initial study but remains limited in size. The statistical power to identify small effects and 
the estimation precision will probably suffer because of this. The research sample consists of undergraduate 
students which restricts the ability to apply results to working professionals and older populations. These factors 
would produce subtle effects on how people understand AI and their opinions about artificial intelligence. 
Different cultural backgrounds and social economic positions determine who gets to use AI resources which 
shapes how people understand AI and what they think about it. 

Future research needs to focus on solving these problems while expanding the study's research boundaries. 
Scientists need to perform studies with larger participant groups which represent various population segments to 
improve the study results' generalizability. The research would gain statistical power through this approach while 
it would also show better understanding of AI knowledge and attitudes toward AI. Scientists should study 
different aspects which the present research has omitted. People develop their views about AI through their 
cultural background. People who belong to different socioeconomic groups will experience various levels of 
access to AI resources which creates an unequal distribution of AI knowledge. Scientists can study how people 
understand AI and their attitudes toward artificial intelligence by conducting studies that track this data across 
extended periods of time. The research would monitor AI knowledge and attitude changes across time to study 
their influence on academic success. The analysis would show how these relationships change over time which 
would reveal the most important intervention points. Future studies can examine how personal traits affect the 
development of AI understanding and the formation of AI attitudes. The study should investigate whether people 
who embrace new experiences and those who need more cognitive challenges develop favourable opinions about 



Advances in Life Science and Technology                                                                                                 www.iiste.org 

ISSN 2224-7181 (Paper) ISSN 2225-062X (Online) 

Vol.101, 2025 

 

45 

AI systems. The evaluation of these distinctive characteristics enables the development of customized methods 
which boost both AI understanding and positive AI attitude formation. 

In conclusion, this study demonstrates how academic performance results from the combined effects of 
demographic elements and AI understanding and personal opinions about AI. The study results should alter how 
educational institutions use artificial intelligence in their teaching methods. The research demonstrates that these 
connections maintain intricate patterns which stem from various influencing elements. Scientists need to conduct 
additional research to understand these connections more deeply while studying them across multiple 
environments. Artificial Intelligence technology stands as a fast-growing research domain which presents 
numerous research prospects for upcoming investigations. The exploration of AI effects on human society 
remains in its early stages yet this study creates a useful foundation for future research. 

 

References 

Aldreabi, H., Dahdoul, N. K. S., Alhur, M., Alzboun, N., & Alsalhi, N. R. (2025). Determinants of student 
adoption of generative AI in higher education. Electronic Journal of e-Learning, 23(1).  

Atadika, D., A. N., & Segbenya, M. (2024). Antecedents of artificial intelligence and learners’ demographic 
characteristics in higher education: Implication for human resource managers. Current Psychology, 
43(40), 31542–31558. 

Azzam, Z. M., & Abdel-Jalil, M. R. (2024). Attitudes of Al-Azhar University students toward the application of 
artificial intelligence in education: A sociological study. Journal of Educational Sciences, 32(2), 1–34.  

Bano, M., Zowghi, D., & Siddiqi, A. (2023). Ethical implications of generative AI in education: Challenges and 
responsibilities. AI and Ethics, 3(1), 89–104.  

Busch, F., Hoffmann, L., Truhn, D., Palaian, S., Alomar, M., Shpati, K., Makowski, M. R., Bressem, K. K., & 
Adams, L. C. (2024). International pharmacy students’ perceptions towards artificial intelligence in 
medicine — A multinational, multicenter cross ‐ sectional study. British Journal of Clinical 
Pharmacology, 90(3), 649–661. 

Cotton, D. R. E., Cotton, P. A., & Shipway, J. R. (2024). Chatting and cheating: Ensuring academic integrity in 
the era of ChatGPT. Innovations in Education and Teaching International, 61(2), 228–239.  

Dashti, M., Londono, J., Ghasemi, S., Khurshid, Z., Khosraviani, F., Moghaddasi, N., Zafar, M. S., & Hefzi, D. 
(2024). Attitudes, knowledge, and perceptions of dentists and dental students toward artificial 
intelligence: A systematic review. Journal of Taibah University Medical Sciences, 19(2), 327–337.  

Diao, Y., Li, Z., Zhou, J., Gao, W., & Gong, X. (2024). A meta-analysis of college students’ intention to use 
generative artificial intelligence. Education and Information Technologies, 29(7), 8937–8962. 

Drazich, B. F., Li, Q., Perrin, N. A., Szanton, S. L., Lee, J. W., Huang, C.-M. Taylor, J. L. (2023). The 
relationship between older adults’ technology use, in-person engagement, and pandemic-related mental 
health. Aging & Mental Health, 27(1), 156–165.  

Fan, L., Deng, K., & Liu, F. (2025, May). Educational impacts of generative AI on learning and performance of 
engineering students in China. Education and Information Technologies, 30(5), 5123–5142. 

Hasan Emon, M., & Hassan, F. (2023). Predicting adoption intention of artificial intelligence: A study on 
ChatGPT. AIUB Journal of Science and Engineering (AJSE), 22(2).  

Holmes, W., Bialik, M., & Fadel, C. (2022). Artificial intelligence in education: Promises and implications for 
teaching and learning. Center for Curriculum Redesign. 

Johansson, J. V., Dembrower, K., Strand, F., & Grauman, Å. (2024). Women’s perceptions and attitudes towards 
the use of AI in mammography in Sweden: A qualitative interview study. BMJ Open, 14(2), e084014.  

Kamau, J. N. (2025). Generative artificial intelligence and academic performance: Mediating role of smart 
learning environment. African Journal of Business & Development Studies, 1(2), 199–213.  

Khalaf, S. S. (2023). The role of artificial intelligence applications in developing educational and pedagogical 
skills in the Arab world and their implications for traditional educational systems: A field study. Al-
Farahidi Arts Journal, 15(52), 327–351. 

Kiburu, L., Boso, N., & Njiraini, N. (2023). Exploring how demographic factors influence consumer attitudes 
and technology usage. Serbian Journal of Management, 18(2), 353–365.  

Lohana, S., & Roy, D. (2023). Impact of demographic factors on consumer’s usage of digital payments. FIIB 
Business Review, 12(4), 459–473.  

Odekeye, O. T., Aina, O., Opesemowo, G., Adewusi, M. A., Kola-Olusanya, A., Owolabi, T., Fakokunde, J. B., 
& Awah, F. (2024). Will AI writing tools revolutionise learning attitudes? Insight from undergraduate 
students of the Global South. SSRN.  



Advances in Life Science and Technology                                                                                                 www.iiste.org 

ISSN 2224-7181 (Paper) ISSN 2225-062X (Online) 

Vol.101, 2025 

 

46 

Pillai, R., Sivathanu, B., Metri, B., & Kaushik, N. (2024). Students’ adoption of AI-based teacher-bots (T-bots) 
for learning in higher education. Information Technology & People, 37(1), 328–355.  

Pinto dos Santos, D., Giese, D., Brodehl, S., Chon, S. H., Staab, W., Kleinert, R., Maintz, D., & Baeßler, B. 
(2019). Medical students’ attitude towards artificial intelligence: A multicenter survey. European 
Radiology, 29(4), 1640–1646. 

Russell, S., & Norvig, P. (2021). Artificial intelligence: A modern approach (4th ed.).  
Smutny, P., & Schreiberova, P. (2020). Chatbots for learning: A review of educational chatbots for Facebook 

Messenger. Computers & Education, 151, 103862.  
Tin, T. T. T., Koh, Y. C., Wong, J. H., Wong, Y. C., Chaw, J. K., Wan nor Al Ashekin Wan Husin, A., Aitizaz, A., 

Lee, K. T., Afolalu, S. A., & Khattak, U. F. (2024). Demographic factors shaping artificial intelligence 
(AI) perspectives: Exploring their impact on university students’ academic performance. Pakistan 
Journal of Life and Social Sciences, 22(2), 1–16.  

Truong, N. M., Vo, T. Q., Tran, H. T. B., Nguyen, H. T., & Pham, V. N. H. (2023). Healthcare students’ 
knowledge, attitudes, and perspectives toward artificial intelligence in southern Vietnam. Heliyon, 9(12), 
e22653. 

Turchioe, M., Harkins, S., Desai, P., Kumar, S., Kim, J., Hermann, A., Joly, R., Zhang, Y., Pathak, J., & Benda, N. 
C. (2023). Women’s perspectives on the use of artificial intelligence (AI)-based technologies in mental 
healthcare. JAMIA Open, 6(3).  

Vieriu, A. M., & Petrea, G. (2025). The impact of artificial intelligence (AI) on students’ academic development. 
Education Sciences, 15(3), 343.  

Ward, B., Bhati, D., Neha, F., & Guercio, A. (2024, December). Analyzing the impact of AI tools on student 
study habits and academic performance. arXiv 

Wecks, J. O., Voshaar, J., Plate, B. J., & Zimmermann, J. (2024). Generative AI usage and exam performance.  
Williams, R., Park, H. W., & Breazeal, C. (2019, May). A is for artificial intelligence: The impact of artificial 

intelligence activities on young children’s perceptions of robots. In Proceedings of the 2019 CHI 
Conference on Human Factors in Computing Systems. 

Zawacki-Richter, O., Marín, V. I., Bond, M., & Gouverneur, F. (2019). Systematic review of research on 
artificial intelligence applications in higher education—Where are the educators? International Journal 
of Educational Technology in Higher Education, 16(1), Article 39.  

 


