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Abstract

Today Web users are facing the problems of infoonadverload on the World Wide Web which storestvas
source of data. As a result, how to provide Welraugath more exactly needed information is becoméng
critical issue in web based information . Peoplpulate more information on Social Network Sitestlzesr
profile data and etc. Now a days most of the ubax® accounts in social network sites. In this pape are
discussing the popular document classifiers td fire location of a user in the social networlgitgs,In this
paper we make use of the profile data and othernmdtion to achieve the objective of RRR whichagive
Right information to the Right set of People attRidime In this paper, we present “Supervisedrieg” a
method to cascade the decision tree learning msthodlassifying locations of the users posted isoaial
network site.

Keywords — Supervised Learning, Web mining,Social netwoblesision tree, facebook.

|. Introduction

1.1 Web Mining

Web mining aims to extract useful knowledge fribve web and it is a rapid growing research atea. |
consists of Web usage mining, Web structure mirémgl, Web content mining. Web usage mining refethéo
discovery of user access patterns from Web usage Web structure mining tries to discover usefidwledge
from the structure of hyperlinks. Web content mgnaims to mine useful information or knowledge fraeb
page contents.

Web content mining is related to data mining beeamany data mining techniques can be applied in
Web content mining. It is related to text mininghese much of the web contents are texts. Howe\vsralso
quite different from data mining because Web datanaainly semi-structured and/or unstructured, eviata
mining deals primarily with structured data. Welntemt mining is also different from text mining lbese of
the semi-structure nature of the Web, while texting focuses on unstructured texts. Web conteningitihus
requires creative applications of data mining téghes and also its own unique approaches.

1.2 Social Networking and Facebook

Users share a variety of information about thewesebn their Facebook profiles, including photostaot
information, location,interested movies ,books #tis very clear to understand that people anegusocial
network sites such as Facebook, Twitter,,Myspaceastthere is a broad demographic on these sitaisiy
social net working sites are used for personaloegaand sharing the information with many people.dther
uses are business,marketing,entertainment etc.

Facebook uses server-side Hypertext Preprocesd&) ($tripts and applications to host and formatthent
available on the service. Content is stored cdptom Facebook servers. Scripts and applicatiofsaaebook
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get, process, and filter information on demand, @elder it to users in real time, to a Web browseer the
Internet.

[I.SECTION

2.1. Survey on Uses of Face Book: Facebook was reported to have more than 21 millewistered users
generating billion page views each day by 2007. $ite integrated into media daily practices typioaer
spends about 20 minutes a day on the site and o#egs log in at least once a day Capitalizingt®rsuccess
among college students and employees, FacebookHadra high school version in past September 205.
2008, the company introduced communities for consiaborganizations; as of November 2008, almosd@2,
organizations had Facebook [8] directories (Snth08). In 2008, Facebook was used at over 4,00@etni
States colleges and was the seventh most poptdasrsthe World Wide Web with respect to total paigsvs

Most of the existing academic research on Facebaskfocused on identity presentation and privacy
concerns looking at the amount of information Facdbparticipants provide about themselves, thetively
open nature of the information, and the lack ofgey controls
enacted by the users, Gross and Acquisti (200%)eatftat users may be putting themselves at ridk difiine
(e.g., stalking) and online (e.g., identify theft).

In contrast to popular press coverage which hasagrily focused on negative outcomes of Facebook
use stemming from users’ misconceptions about diere of their online audience, we are interested i
situations in which the intended audience for thefile such as well-meaning peers and friends é&edactual
audience are aligned. We use Facebook as a ressarxt in order to determine whether offline sbcapital
can be generated by online tools.

2.2. Related Issues on Social Networks:

First recognizable social network site launchedl®97 introducing the Orkut.com users to create
profiles, list their Friends and, beginning in 1998rf the Friends lists. Each of these featuréstetk in some
form before orkut, of course. Profiles existed omstmajor dating sites and many community sited/ Ahd
ICQ buddy lists supported lists of Friends, althoulgose Friends were not visible to others. Clagssneom
allowed people to affiliate with their high schawl college and [9] surf the network for others where also
affiliated, but users could not create profiledistr of Friends until years later. Orkut was thestfito combine
these features.

Orkut promoted itself as a tool to help people amtrwith and send messages to others. While Orkut
attracted millions of users, it failed to becomsuatainable business and, in 2000, the servicealdooking
back, its founder believes that

Orkut was simply ahead of its time, personal comigation by jul2007. While people were already
flocking to the Internet, most did not have extahdetworks of friends who were online. Early adopte
complained that there was little to do after acogpfriend requests, and most users were not sittein
meeting strangers. From 1997 to 2001, a numbeomfrunity tools began supporting various combination
of profiles and publicly articulated Friends. Mangers allowed to create personal, professional baisthess
profiles—users could identify Friends on their pea profiles without seeking approval for thosamections.
Likewise, shortly [9] after its launch in

In particular, the people behind Ryze, Tribe.nghkedln, and Friendster were tightly entwined
personally, business and professionally. Theyeleli that they could support each other withoutpting. In
the end, Ryze never acquired mass popularity, Trédiegrew to attract a passionate niche user haseedin
became a powerful business service, and Friendsteame the most significant, if only as "one of bigggest
disappointments in Internet history"

B|Page
www.iiste.org



Control Theory and Informatics Www.iiste.org
ISSN 2224-5774 (print) ISSN 2225-0492 (online)
Vol 1, No.1, 2011

Launch Dates of Major gz Six Degrees.com
Social Network Sites

|— Livedournal

{— BlackPlanet

— MiGente

f— Cyworld

Ryze —|

Fotolog —

02— Friondster
Skyblog —
[— Couchsurfing

03| myspace
f— LastFm

Linkedin —{,
Tribe.net, Open BC/Xing —

o — ris

Multiply, aSmaliWorld —] [— Flickr, Piczo, Mixi, Facebook tarvrd-ony) 3
L aa— Dodgeball, Caro2 (sns reiaunch)

Catster —| 04|

— Hyves

Yahoo! 360 —]

f— vouTube, xanga (sn:
Gyworld ©nina) —] fouTube, Xanga

QQ (e
Windows Live Spaces

'06— Cyworld w.s)
F— MyChurch, Facebook (everyone)

Figure 1 shows the timeline of the social network sites when it was created

In the Friendster, MySpace, and Facebook, three Hd¢gs that shaped the business, cultural, and
research landscape. Don't talk to invisible strasmigdew York Times. Retrieved

I11. SECTION

3. Problem Definition: People populate a lot more information on socilvork sites as their profile data and
etc. Now, almost every Internet user has an accdoustcial network sites. and they spend a sigaifigart of
time in browsing in social networks.
Our thesis is an attempt to take the above factseasfits and provides correct information to ugerseach
their needs at right time.

) Welcome to Facebook - Log, In, Sign Up or, Learn More - Mozilla Firefox
Eie Edit Uew Hgtory Bookmarks Dol Hep

I elcome to Facebook -LogIn, Son Lpor L. [ |

€ v Facebook.cominc fcg753ddbe7126eatbt 17 ~ | € | | @1~ vahe S| A Feodback
Connect with friends faster, Sign Up
wherever you are It's free and always
The Facebook application is now FirstRamE:

available on 2500+ phones.

I Last Mame:
ster, smoather browsing

= Works with your phone's camera and contacts Your Email
= No periodic updates - just 1 easy download Re-eriter Email
T K P

Figure 2 Example screen of facebook

Our proposed solution analysis aims to captiseeuser profile in facebook and post the data otations
such as India,UK,US and their hierarchy of states €0 on.To implement this solution we considet ¢hdata
mining technique supervised learning.

IV.SECTION
4. Usage of Mining Algorithmsto post the data in facebook:
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Machine learning is a scientific discipline thatcioncerned with the design and development ofigthgas that
allow computers to learn based on data, such as fensor data or databases. A major focus of machin
learning research is to automatically learn to gaime complex patterns and make intelligent denisibased
on data. Hence, machine learning is closely reltdefields such as statistics, probability theatgta mining,
pattern recognition, artificial intelligence, adaptcontrol, and theoretical computer science.

4.1.Decision Tree: Decision tree rules provide model transparencthaba business user, marketing analyst,
or business analyst can understand the basis ohddel's predictions, and therefore, be comfortalsteng on
them and explaining them to others DecisiogeTdoes not support nested tables. Decision Trekelgaan

be converted to XML. Several algorithms in Decisimes are mention below

4.2.1D3 Decision Tree

Iterative Dichotomiser is an algorithm to geate a decision tree invented by Ross Quinlan, bhase
Occam’s razor. It prefers smaller decision treegfter theories) over larger ones. Heev it does not
always produce smallest tree, and therefore he&uriEhe decision tree is used by the concept fifrination
Entropy. The ID3 Algorithm steps are:

1)Take all unused attributes and count tleiropy concerning test samples
2) Choose attribute for which entropy is maxm
3)Make node containing that attribute
ID3 (Examples, Target _ Attribute, Attributes) Cieea root node for the tree
If all examples are positive, Return the singtele tree Root, with label = +.
If all examples are negative, Retiln single-node tree Root, with label = -.
If number of predicting attributesempty, then Return the single node tree Root laibel = most
common value of the target attribute in the exasiple
Otherwise Begin
A = The Attribute that best cldiesi examples.
Decision Tree attribute for Root = A.
For each possible valugpf A,
Add a new tree branch below Rootresponding to the test Avs
Let Examples|), be the subset of examples that have the wafioe A
If Examples{) is empty common target value in the examples
Else below this new branch add the sub tree ID2uffiptesy;), Target  Attribute, Attributes — {A}
End
Return Root

V. Conclusion

In this paper a general supervised for classifyingr location was described. The specific appreachighe
implementation of location datasets posting sydearning are characterized, we developed thed&3sion
tree method is based on cascading machine leateafmiques the ID3 decision trees. The ID3 decisiea
build on each dataset learns the sub classifidsmilhe data and partitions the decision spacedlatssification
regions; there by improving the system classifaaterformance.

Our future direction is to utilize the geographication of the user so that we can send usafaimation to
the users based on their interests so that we eaffective e-business and other advertisementstased on

the interest of the user.
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